
Stetson Journal of Advocacy and the Law 

The first online law review designed to be read online 

13 Stetson J. Advoc. & L. 1 (2026) 

Trial by AI: Reinventing Advocacy Training for the 
Modern Lawyer 

Alexandria Serra 

Teaching Fellow in Advocacy 

University of Missouri 

Kansas City School of Law 





Trial by AI: Reinventing Advocacy 
Training for the Modern Lawyer 

Alexandria Serra1 

13 Stetson J. Advoc. & L. 1 (2026) 

Abstract 

1. As Artificial Intelligence (AI) transcends its role as a mere buzzword in legal educa-
tion, it fundamentally transforms how trial advocacy is taught, learned, and mastered. 
Sophisticated AI-powered trial coaches enable students to practice objections, cross-
examinations, and voir dire strategies in meticulously designed environments that mir-
ror the nuanced dynamics and challenges of courtroom proceedings. 

2. This article presents an innovative framework for integrating AI into advocacy train-
ing, demonstrating how these tools blend the precision of technology with human in-
struction to elevate theoretical understanding into practical mastery. Through the imple-
mentation of personalized, adaptive feedback, AI coaches allow students to experiment, 
refine their skills, and build confidence as future advocates. 

3. Beyond serving as a practical guide, this article challenges the conventional paradigms 
of trial advocacy education. It illuminates AI’s untapped potential to overcome tradi-
tional limitations and offers strategies for bridging the gap between law school and the 
courtroom. 

1 J.D., Southern Methodist University; M.B.A., Kansas University. Alexandria Serra specializes in crim-
inal defense, criminal appeals, AI and the law, and law practice management. She teaches trial and 
appellate advocacy and coaches mock trial at University of Missouri, Kansas City School of Law. 
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I. Introduction 

4. In a dimly lit courtroom, illuminated only by the pale glow of a laptop screen, a law 
student engages in a battle of wits with a relentless, unyielding witness. This solitary 
scene transcends an ordinary practice session. There is no professor to guide her, no 
peers to judge her. Her only companion is an AI-driven advocacy coach that never tires, 
never falters, and always delivers razor-sharp feedback. Each question crystallizes her 
instincts. Each response challenges her strategy. By the time she closes her laptop, she’s 
ready. The stakes may be simulated in the digital courtroom, but the tension, focus, and 
growth are entirely real.2 

5. A scene like this is as remarkable as it is uncommon. For decades, trial advocacy 
courses have relied on structured practice sessions, meticulously designed role-play, 
and expert guidance from seasoned faculty. These methods draw on the deep exper-
tise of professors who know what it takes to succeed in the courtroom. Nevertheless, 
even the most effective traditional approaches remain constrained by time, resources, 
and human capacity.3 Artificial intelligence presents an unprecedented opportunity to 
expand these boundaries, empowering aspiring lawyers to refine their trial skills with 
adaptability and accessibility.4 

6. This article examines a vision for AI as a trial advocacy coach that enables students to 
practice objections, refine cross-examinations, and experiment with voir dire strategies 
in a dynamic, feedback-rich environment. The AI coach does more than replicate a 
courtroom; it provides adaptive learning and real-time critique, encouraging students 
to explore creative strategies without fear of failure.5 

7. An AI-driven approach to trial advocacy instruction builds on personalized learning 
and experiential education principles, areas where AI demonstrates remarkable suc-
cess in other disciplines. From adaptive quizzes on platforms like Khan Academy (K-12 
education) to scenario-driven simulations in medical training, AI consistently yields up-
wards of 20% improvement in learning outcomes.6 Yet, AI’s potential in legal education 
remains largely untapped. Few law schools use AI to enhance doctrinal instruction or 
compliment the work of clinical professors; a space where modeling real-world experi-
ence is both essential and uniquely challenging. 

2 John Bliss, Teaching Law in the Age of Generative AI, 64 JURIMETRICS J. L. SCI. & TECH.111, 156 (2024). 

3 John Bliss, Teaching Law in the Age of Generative AI, 64 JURIMETRICS J. L. SCI. & TECH.111, 152 (2024). 

4 Megan Ma, How AI Can Reshape Legal Education + Lawyer Training, ARTIFICIAL L. (May 20, 2024); AI 
and the Possibilities for the Legal Profession, YALE L. SCH. NEWS (May 3, 2023). 

5 Aswathy Prakash G & Vishnu Nair, Integrating Generative AI into Legal Education: From Casebooks to 
Code, Opportunities and Challenges, 6 L. TECH. & HUMS. 60, 63, 67 (2024). 

6 2023-2024 Annual Report: Efficacy Results, KHAN ACAD. (2024); Xiaolei Lv et al., Leveraging Large Lan-
guage Models for Improved Patient Access and Self-Management: Assessor-Blinded Comparison Between 
Expert- and AI-Generated Content, 24 J. MED. INTERNET RSCH.1, 5 (Apr. 25, 2024). 

https://www.americanbar.org/content/dam/aba/publications/Jurimetrics/winter-2024/teaching-law-in-the-age-of-generative-ai.pdf
See%20John%20Bliss,%20Teaching%20Law%20in%20the%20Age%20of%20Generative%20AI%20[https://www.americanbar.org/content/dam/aba/publications/Jurimetrics/winter-2024/teaching-law-in-the-age-of-generative-ai.pdf%7C%7C64%20Jurimetrics%20J.%20L.%20Sci.%20&%20Tech.111,%20156]%20(2024).
https://www.artificiallawyer.com/2024/05/20/how-ai-can-reshape-legal-education-lawyer-training/
https://law.yale.edu/yls-today/news/ai-and-possibilities-legal-profession-and-legal-education/
https://lthj.qut.edu.au/article/view/3640
https://2023-2024.annualreport.khanacademy.org/efficacy-results#:~:text=Khan%20Academy%20regularly%20conducts%20rigorous,unaffiliated%20with%20the%20Districts%20program.
https://pmc.ncbi.nlm.nih.gov/articles/PMC11082737/
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8. According to the 2024 AI and Legal Education Survey conducted by the ABA Task 
Force on Law and Artificial Intelligence, 83% of responding law schools offer AI-related 
courses or opportunities, but most involve AI applications for legal analytics, research, 
and document drafting.7 Only a handful of institutions, like Berkeley, WashU, USC, and 
Arizona State, fully embrace AI through dedicated degree or certificate programs, and 
almost none offer AI-integrated, skills-based curricula.8 

9. Those who commercialize legal tech, on the other hand, jump at the opportunity to 
commoditize AI, while courts and law firms grapple with how to incorporate technology 
into their ecosystems. It’s no secret that AI-enabled courtrooms are the wave of the not-
so-distant future. The launch of Thompson Reuter’s AI in Courts Resource Center, for 
example, underscores the legal profession’s rapid adoption of these tools.9 AI seems to 
offer the legal profession everything from case analysis to predictions of juror behavior. 
This accelerating shift to a tech-forward courtroom demands that trial advocacy stu-
dents acquire AI proficiency, preparing them for a future in which AI literacy is integral 
to effective practice. 

10. As advocacy professors navigate the challenge of integrating AI into their teaching, 
this article moves beyond the why to focus on the how. It provides practical guidance 
for designing AI-powered trial trainers, evaluates their benefits and limitations, and 
illuminates the transformative opportunities they bring to students and educators. By 
presenting a new model for advocacy training, this article seeks to inspire a broader 
adoption of AI in clinical legal education — one that amplifies, rather than diminishes, 
the indispensable human element.10 

II. How AI-Driven Trial Coaches Work 

11. The emergence of ChatGPT in late 2022 precipitated a seismic shift in legal tech-
nology, compelling attorneys to wrestle with how and whether AI tools are appropriate 
to integrate into their practice. As I draft this article, ChatGPT has evolved through 
its eleventh substantial iteration or variant, releasing ChatGPT-5. The model integrates 
a high-speed variant, a deeper reasoning variant, and a real-time router. Compared to 

7 Cynthia Cwik et al., AI and Legal Education Survey Results 2024, AM. BAR ASS’N TASK FORCE ON L. & 
A.I. (2024). 

8 Danielle Braff, ABA’s Artificial Intelligence Task Force Releases Law School Survey, AM. BAR ASS’N J. (June 
25, 2024). See also Berkeley Law Unveils Groundbreaking AI-Focused Law Degree Program, BERKELEY 

L (Aug. 13, 2024); see also Karen Sloan, Law Schools Boost Their AI Offerings as Industry Booms, 
REUTERS (June 18, 2024). 

9 AI in Courts Resource Center Launches to Empower Justice with AI, THOMSON REUTERS (Jan. 6, 2025); 
see also AI in Courts Resource Center THOMSON REUTERS INST. (last visited Jan. 14, 2025). 

10 John Bliss, Teaching Law in the Age of Generative AI, 64 JURIMETRICS J. L. SCI. & TECH.111, 152–53 
(2024). 

https://www.americanbar.org/content/dam/aba/administrative/office_president/task-force-on-law-and-artificial-intelligence/2024-ai-legal-ed-survey.pdf.
https://www.americanbar.org/content/dam/aba/administrative/office_president/task-force-on-law-and-artificial-intelligence/2024-ai-legal-ed-survey.pdf.
https://www.abajournal.com/web/article/artificial-intelligence-is-taking-over-law-schools
https://www.law.berkeley.edu/article/berkeley-law-unveils-groundbreaking-ai-law-degree-program/
https://www.law.berkeley.edu/article/berkeley-law-unveils-groundbreaking-ai-law-degree-program/
https://www.reuters.com/legal/transactional/law-schools-boost-their-ai-offerings-industry-booms-2024-06-18/
https://www.thomsonreuters.com/en-us/posts/ai-in-courts/ai-in-courts-resource-center-launches/
https://www.thomsonreuters.com/en/institute/ai-in-courts-resource-center.html
See%20John%20Bliss,%20Teaching%20Law%20in%20the%20Age%20of%20Generative%20AI%20[https://www.americanbar.org/content/dam/aba/publications/Jurimetrics/winter-2024/teaching-law-in-the-age-of-generative-ai.pdf%7C%7C64%20Jurimetrics%20J.%20L.%20Sci.%20&%20Tech.111,%20156]%20(2024).
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prior versions, GPT-5 reduces hallucinations, improves factual accuracy, follows instruc-
tions more reliably, and minimizes overly agreeable responses. 11 Shortly prior, OpenAI 
released ChatGPT Agent, a feature that allows the AI to complete tasks on the user’s be-
half entirely on its own, effectively acting like a personal assistant.12 Advances are rapid, 
and each novel iteration brings a gold rush of scholarship and strategic application in the 
law. Legal scholars have used ChatGPT to pass the Bar with flying colors,13 achieve pass-
ing grades in a smattering of law school exams, 14 and, most strikingly, craft substantive 
legal scholarship.15 While doctrinal colleagues are apprehensive about these develop-
ments, clinical trial advocacy professors must harness AI’s power. Understanding AI’s 
capabilities and potential applications in clinical teaching is the first step forward. 

A. What is Generative AI?16 

12. Most trial advocacy professors already use artificial intelligence in their daily lives, 
from Alexa setting timers during practice sessions to Gmail autocompleting their emails. 
But Generative AI (GenAI) represents a quantum leap forward. Unlike its predecessors, 
GenAI generates content, such as text, images, or audio, by learning patterns from large 
datasets. Tools like ChatGPT, Claude, or Gemini do not just respond to commands; they 
engage in sophisticated dialogue, making them versatile for innovative educational ap-
plications.17 

13. Central to ChatGPT is its engine: a GPT (Generative Pre-trained Transformer) model. 
Think of it as a highly sophisticated pattern recognition system that digested millions 
of texts from across the internet — from scientific papers to poetry, news articles, and 
novels. Once trained, it crafts responses by anticipating what words should come next in 
any given context. This broad foundation allows GPTs to answer questions, summarize 
content, and engage in interactive conversations.18 

11 Introducing GPT-5, OPENAI (Aug. 7, 2025). OpenAI introduced GPT-5 on August 7, 2025 as its most 
advanced and capable language model. 

12 Introducing ChatGPT Agent: Bridging Research and Action, OPENAI (July 17, 2025); ChatGPT Agent, 
OPENAI (last accessed August 4, 2025). 

13 See Daniel M. Katz et al., GPT-4 Passes the Bar Exam, 382 PHIL. TRANS. R. SOC. A 1, 12 (2024). 

14 Jonathan H. Choi et al., ChatGPT Goes to Law School, 71 J. LEGAL ED. 387, 387 (2022); see also Andrew 
Blair-Stanek et al., AI Gets Its First Law School A+s, UNIV. OF MARYLAND L. STUDIES RESEARCH PAPER 

(May 29, 2025). 

15 Andrew M. Perlman, Generative AI and the Future of Legal Scholarship, SSRN (Dec. 26, 2024). 

16 Portions of this section contain material that appears in a concurrently published article by the Author. 
See Alexandria Serra, AI as Your Co-Counsel: The Next Evolution in Trial Training, 22 OHIO ST. TECH. 
L. J. 121 (2026). 

17 CECILIA KA YUK CHAN & TOM COLLOTON, GENERATIVE AI IN HIGHER EDUCATION: THE CHATGPT EFFECT 

1–3, 9–15, 44–49 (1st ed. 2024). 

18 CECILIA KA YUK CHAN & TOM COLLOTON, GENERATIVE AI IN HIGHER EDUCATION: THE CHATGPT EFFECT 

9–10, 15–16 (1st ed. 2024). 

https://openai.com/index/introducing-gpt-5/
https://openai.com/index/introducing-chatgpt-agent/
%20https://help.openai.com/en/articles/11752874-chatgpt-agent
https://royalsocietypublishing.org/rsta/article/382/2270/20230254/112538/GPT-4-passes-the-bar-examGPT-4-passes-the-Bar-Exam
https://jle.aals.org/cgi/viewcontent.cgi?article=1763&context=home
https://ssrn.com/abstract=5274547
https://ssrn.com/abstract=5072765
https://www.researchgate.net/publication/378885262_Generative_AI_in_Higher_Education_The_ChatGPT_Effect
https://www.researchgate.net/publication/378885262_Generative_AI_in_Higher_Education_The_ChatGPT_Effect
https://www.researchgate.net/publication/378885262_Generative_AI_in_Higher_Education_The_ChatGPT_Effect
https://www.researchgate.net/publication/378885262_Generative_AI_in_Higher_Education_The_ChatGPT_Effect
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14. What makes Custom GPTs different is their additional layer of specialized training. 
Trial advocacy professors can now create Custom ChatGPTs designed explicitly for their 
courtroom training needs. By feeding these models course materials, like sample open-
ing statements or cross-examination techniques, professors build an AI assistant that 
combines broad understanding with courtroom expertise.19 

15. Distinct from their general-purpose cousins, Custom ChatGPTs operate within a se-
cure environment. When you upload your teaching materials, they remain confidential, 
accessible only to intended users like your students. Your trial techniques and propri-
etary materials stay protected, never shared with other AI systems, or used for broader 
training.20 

16. While the standard ChatGPT draws from a vast ocean of general knowledge, Cus-
tom GPTs laser-focus on your specific trial advocacy materials and instructions. This 
targeted approach creates an AI tool that addresses your teaching objectives and speaks 
your classroom’s language, even if that language is Spanish, German, or Japanese.21 

17. Interacting with these systems is straightforward: users type questions or scenarios 
into platforms like chatgpt.com. The screenshot below shows an example of a custom 
GPT interface where a user can click on a button to start the session or type a prompt 
in the chat box.22 

19 Model Optimization,OPENAI (last visited Jan. 14, 2025). 

20 Enterprise Privacy at OpenAI, OPENAI (Oct. 31, 2024); see also GPTs in ChatGPT, OPENAI (last visited 
Jan. 14, 2025). 

21 See How to change your language setting in ChatGPT, OPENAI (last visited Jan. 12, 2025). 

22 Alexandria Serra, Screenshots of ChatGPT-4 Plus interface, OPENAI (Jan. 11, 2025) (on file with 
author). 

https://platform.openai.com/docs/guides/fine-tuning
https://openai.com/enterprise-privacy/
https://help.openai.com/en/articles/8554402-gpts-data-privacy-faqs?utm_source=chatgpt.com%20
https://help.openai.com/en/articles/8357869-how-to-change-your-language-setting-in-chatgpt
https://chatgpt.com
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18. For those who prefer a more natural approach, voice features enable spoken con-
versations through phones or tablets. Every interaction generates a transcript, which is 
invaluable for reviewing feedback or continuing previous training sessions. The screen-
shot below shows a view from the ChatGPT iPhone app with an option for audio tran-
scription as well as voice mode. 

19. ChatGPT’s voice capabilities increasingly support natural conversations, enabling 
dynamic interactions. As this technology advances, creators will see even more sophis-
ticated real-time dialogues, expanding the tool’s utility in trial advocacy training.23 

B. What Can Trial Coaches Do? 

20. Custom GPTs revolutionize the trial advocacy classroom. Imagine a teaching assis-
tant available 24/7, switching effortlessly between roles of a hostile witness to seasoned 

23 See ChatGPT can now see, hear, and speak, OPENAI (Sept. 25, 2023). 

https://openai.com/index/chatgpt-can-now-see-hear-and-speak/
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judge, and providing feedback aligned with the professor’s teaching style. Such capabili-
ties already exist. The following ten applications of Custom GPTs show how AI enhances 
traditional teaching methods without replacing them.24 

21. 1. Interactive Courtroom Simulation: AI trainers inhabit multiple personas, includ-
ing judges evaluating objections, opposing counsel responding to arguments, and wit-
nesses answering questions. 

24 Some features have associated visual examples. Alexandria Serra, Screenshots of ChatGPT-4 Plus 
interface, OPENAI (Jan. 11, 2025) (on file with author). 
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22. 2. Mastering Objection Mechanics: AI provides rapid-fire practice with customiz-
able scenarios. Students practice spotting issues, stating grounds, and responding under 
pressure. 
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23. 3. Witness Examination Practice: AI creates witnesses with distinct personalities, 
pushing students to adjust questioning strategies, perfect impeachment techniques, and 
develop skills in handling hostile, evasive, or emotional witnesses. 
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24. 4. Evidentiary Practice: AI provides repetitive practice in laying the foundations for 
different types of evidence with immediate feedback on missing elements. AI can gener-
ate synthetic evidence using DALL-E3 and Sora, so students can practice authenticating, 
challenging, and using AI-generated exhibits during witness examination. 

25. DALL-E3, ChatGPT’s image generation feature, is available to all ChatGPT users. 25 

DALL-E3 generated this image from a simple prompt. 

25 See DALL-E3 OPENAI (last visited Jan. 11, 2025); see also DALL-E: Creating images from text, OPENAI 
(Jan. 5, 2021). 

https://openai.com/index/dall-e-3/
https://openai.com/index/dall-e/
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26. OpenAI’s text-to-video synthesis model, Sora, represents another significant ad-
vancement in GenAI technology. The model demonstrates remarkable capabilities in 
translating basic textural descriptions into video sequences,26 as evidenced by the fol-
lowing screenshots of a video developed from a simple summary of a fictitious case: 

I am a trial advocacy teacher. I would like you to create a quick, 5-10 second 
video of a man robbing a convenience store. He brandished a large knife and 
ran off with a plastic bag of money. His face was covered. 

26 See Sora is here, OPENAI (Dec. 9, 2024). 

https://openai.com/index/sora-is-here/
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27. Using a simple textual prompt, Sora generated this video sequence of an accident: 

I am a plaintiff’s attorney in an accident case. My client was traveling east 
on an interstate. Due to potentially icy conditions, he was going 50mph. A 
dump truck was traveling on that same road in the same direction and trav-
eling almost 40mph. The dump truck driver was distracted, did not break 
and slammed into the Camry, crushing part of it. Can you create an accident 
video of that scene? 
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28. Despite current technical limitations, these generative AI models signal a clear tra-
jectory toward photorealistic still and motion imagery outputs. The rapid advancement 
of these technologies suggests imminent improvements in visual fidelity and temporal 
coherence. 

29. 5. Real-Time Personalized Feedback: AI provides feedback aligned with instructor 
rubrics, enabling students to explore specific issues in depth or immediately apply cor-
rections through iterative practice. 

30. 6. Voice and Delivery Skills: AI quantitatively assesses vocal delivery components, 
pace, volume, clarity, and filler words, and generates customized exercises for targeted 
improvement. 

31. 7. Voir Dire Simulation: AI generates varied juror personas, allowing students to 
refine questioning techniques across a spectrum of potential responses and behavioral 
patterns. 

32. 8. Active Listening Drills: AI simulates witness testimony to develop responsive 
questioning skills, addressing a fundamental challenge in trial advocacy: the tendency 
to prioritize preparing questions over exploiting witness responses. 

33. 9. Targeted Skill Development: AI identifies specific weaknesses in trial techniques 
and generates customized scenarios that progressively challenge these skills. The system 
calibrates exercise difficulty as student proficiency improves. 
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34. 10. Interactive Motion Practice: AI simulates judicial officers and opposing counsel 
during pretrial proceedings, allowing students to develop oral advocacy skills through 
motions to suppress, motions in limine, and offers of proof while responding to dynamic 
questioning and procedural challenges. 

35. Beyond these ten use cases, AI holds immense potential to empower learners with 
disabilities. For instance, integrating large language models with text-to-speech or speech-
to-text integration (e.g., ChatGPT with voice) provides significant support for the visu-
ally or hearing impaired. These examples showcase AI’s emerging role in creating rich, 
responsive learning environments for legal education, constrained only by an educator’s 
imagination.27 

C. Why Do AI-Driven Approaches Fit the Students We Teach? 

36. Generation Z learners, immersed in digital environments from a young age, favor 
educational approaches integrating technology and promoting self-directed learning.28 

This cohort often prefer e-learning platforms and interactive technologies over tradi-
tional methods, valuing tools for autonomy and personalized engagement. Tech-driven 
instruction aligns with their expectations for immediate feedback, collaborative oppor-
tunities, and access to dynamic resources. Incorporating AI tools into education caters 
to these preferences by providing adaptive, interactive, and flexible learning environ-
ments that resonate with their digital fluency and engagement styles.29 This preference 
for technology-driven learning is expected to be even more pronounced in the upcoming 
Generation Alpha. 

37. AI-driven approaches in education align with the learning preferences of newer 
generations and offer a strategic solution to the challenges posed by the impending de-
mographic cliff. Declining birth rates, increased life expectancy, and societal shifts are 
reshaping global demographics, leading to a smaller talent pool and heightened com-
petition among educational institutions. The number of high school graduates is pro-
jected to peak in 2025, followed by a steady decline of up to 20% through 2041.30 This 

27 See Enkelejda Kasneci et al., ChatGPT for good? On opportunities and challenges of large language 
models for education, 103 LEARNING & INDIVIDUAL DIFFERENCES 1, 1–13 (2024); see also Dana-Kristin 
Mah & Nele Groß, Artificial Intelligence in Higher Education: Exploring Faculty Use, Self-Efficacy, Distinct 
Profiles, and Professional Development Needs, 21 INT’L J. EDUC. TECH. HIGHER EDUC. 1, 10 (2024). 

28 Hulya Duzenli, A systematic review of educational suggestions on generation Z in the context of distance 
education, 4 J. OF EDUC. TECH. & ONLINE LEARNING 896, 896 (2021). 

29 Cecilia Ka Yuk Chan & Catherine K.W. Lee, The AI generation gap: Are Gen Z Students More Interested 
in Adopting Generative AI such as ChatGPT in Teaching and Learning than their Gen X and Millennial 
Generation Teachers, UNIV. OF HONG KONG (2023). 

30 PATRICK LANE ET AL., KNOCKING AT THE COLLEGE DOOR: PROJECTIONS OF HIGH SCHOOL GRADUATES 

13 (11th ed. 2024). 

https://www.researchgate.net/publication/367541637_ChatGPT_for_Good_On_Opportunities_and_Challenges_of_Large_Language_Models_for_Education
https://educationaltechnologyjournal.springeropen.com/articles/10.1186/s41239-024-00490-1
https://files.eric.ed.gov/fulltext/EJ1352420.pdf
https://www.researchgate.net/publication/370524516_The_AI_generation_gap_Are_Gen_Z_students_more_interested_in_adopting_generative_AI_such_as_ChatGPT_in_teaching_and_learning_than_their_Gen_X_and_Millennial_Generation_teachers
https://www.wiche.edu/wp-content/uploads/2024/12/2024-Knocking-at-the-College-Door-final.pdf
https://www.wiche.edu/wp-content/uploads/2024/12/2024-Knocking-at-the-College-Door-final.pdf
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phenomenon exacerbates existing pressures in an already competitive admissions envi-
ronment for law schools. By valuing innovation, law schools can distinguish themselves 
and use AI as a critical tool in navigating recruitment challenges amid demographic 
shifts. 

38. Integrating AI into law school curricula also provides a distinct competitive advan-
tage by equipping students for the technology-driven future of the legal profession.31 

Over 40% of all companies anticipate AI-driven workforce reductions by 2030.32 The 
legal profession is not insulated from these trends. Employers are increasingly seeking 
candidates proficient in using automation to streamline tasks such as research, drafting, 
and case management. As AI continues to reshape the profession, potentially taking on 
tasks traditionally assigned to junior associates, the number of entry-level positions will 
likely decline.33 By effectively training students to utilize AI in practice, these institu-
tions bolster employability and distinguish their graduates in a competitive job mar-
ket.34 

D. Committed Faculty: The Cornerstone of Effective AI 
Integration 

39. AI projects necessitate faculty who are not only knowledgeable about these tech-
nologies but also dedicated to their effective implementation. Faculty-level AI literacy 
is essential for meaningful integration into teaching and learning. Professors must com-
prehend AI operations and possess the skills to tailor these technologies to their courses’ 
specific needs, requiring a sustained commitment to improvement.35 

40. Expert oversight is essential for navigating the complexities of AI in education. As 
Wharton School professor Ethan Mollick observes, subject matter experts are the only 
ones uniquely equipped to evaluate AI outputs, identify errors, and make necessary 
corrections.36 While AI can excel in executing tasks, it achieves its full potential only 
under the guidance of knowledgeable professionals. Professors are the subject matter 

31 Steven Henry, The Impact of Artificial Intelligence on Technology Transactions Lawyers — Adapt or Perish, 
THOMSON REUTERS (Aug. 15, 2024). 

32 The Future of Jobs Report 2025, WORLD ECONOMIC FORUM 1, 88 (2025); see also Olesya Dmitracova, 
41% of Companies Worldwide Plan to Reduce Workforces by 2030 due to AI, CNN (Jan. 8, 2025). 

33 See Jeremy Glaser and Sharzaad Borna, AI: The New Legal Powerhouse — Why Lawyers Should Befriend 
the Machine to Stay Ahead, THOMSON REUTERS (Oct. 24, 2024). 

34 Future of Professionals Report 2024: An Executive Summary for the Legal Profession, THOMSON REUTERS 

(2024). 

35 Dana-Kristin Mah & Nele Groß, Artificial Intelligence in Higher Education: Exploring Faculty Use, Self-
Efficacy, Distinct Profiles, and Professional Development Needs, 21 INT’L J. EDUC. TECH. HIGHER EDUC. 
1, 2–4 (2024). 

36 Ethan Mollick, Latent Expertise: Everyone is in R&D, ONE USEFUL THING (June 20, 2024). 

https://www.reuters.com/legal/legalindustry/impact-artificial-intelligence-technology-transactions-lawyers-adapt-or-perish-2024-08-15/
https://www.weforum.org/reports/the-future-of-jobs-report-2025
https://edition.cnn.com/2025/01/08/business/ai-job-losses-by-2030-intl/index.html
https://www.reuters.com/legal/legalindustry/ai-new-legal-powerhouse-why-lawyers-should-befriend-machine-stay-ahead-2024-10-24/
https://legal.thomsonreuters.com/blog/legal-future-of-professionals-executive-summary
https://educationaltechnologyjournal.springeropen.com/articles/10.1186/s41239-024-00490-1
https://educationaltechnologyjournal.springeropen.com/articles/10.1186/s41239-024-00490-1
https://www.oneusefulthing.org/p/latent-expertise-everyone-is-in-r
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experts who remain pivotal in refining AI systems and ensuring their outputs align with 
pedagogical objectives. 

41. Make no mistake: the development of AI tools is an ongoing, iterative process that 
demands continual refinement and feedback. Trial and error, coupled with student in-
put, are essential to improving these technologies and delivering impactful, real-world 
learning experiences. Faculty dedication to this iterative process ensures that AI tools 
remain practical and relevant. Without such commitment, these innovations risk falling 
short of their potential.37 

III. Benefits of AI in Trial Advocacy Training 

42. AI tutoring enhances trial advocacy education by complementing traditional teach-
ing methods. By delivering tailored support to individual students, these tools allow 
classrooms to focus on richer discussions, creative problem-solving, and deeper critical 
analysis. The following sections explore five key benefits of incorporating AI tools in the 
advocacy classroom. Each benefit is illustrated in the form of a situational example. 

A. Adaptive Feedback and Ongoing Improvement 

43. Sarah, a trial advocacy student, falls behind as the semester progresses. The ma-
terial, objection practices, cross-examination strategies, and crafting persuasive argu-
ments, feels overwhelming. Despite her efforts to practice, her skills remain stagnant. 
Feedback from her professor is helpful but arrives after in-class exercises, making it 
difficult for Sarah to address issues. As her frustration grows, she starts skipping class, 
convinced she will never catch up. 

44. In traditional classrooms, opportunities for personalized, real-time feedback are 
limited by the natural constraints on a professor’s time. Even during office hours, profes-
sors can only work with a fraction of students in-depth, leaving others to struggle with 
unresolved questions. Sarah needs more opportunities to practice and receive guidance 
outside of class, but where can she turn? 

45. AI tutoring tools provide a solution by offering 24/7 access to feedback designed 
to reflect the professor’s teaching methods and expectations. Sarah can practice at her 
own pace and as often as necessary, gaining actionable insights tailored to her progress. 
For example, if Sarah has difficulty formulating concise objections, AI identifies this 
challenge and gives guidance aligned with the strategies emphasized by her professor 

37 Dana-Kristin Mah & Nele Groß, Artificial Intelligence in Higher Education: Exploring Faculty Use, Self-
Efficacy, Distinct Profiles, and Professional Development Needs, 21 INT’L J. EDUC. TECH. HIGHER EDUC. 
1, 6–7, 10 (2024). 

https://educationaltechnologyjournal.springeropen.com/articles/10.1186/s41239-024-00490-1
https://educationaltechnologyjournal.springeropen.com/articles/10.1186/s41239-024-00490-1
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in class. As Sarah improves, AI adjusts, presenting more nuanced critiques to challenge 
her growing skills. 

46. This flexibility also means Sarah does not need to rely solely on scheduled class time 
or wait for office hours to get help. She can focus on specific problem areas and work 
through them repeatedly. 38 With this adaptive support, Sarah catches up and builds the 
confidence to reengage in class. 

47. AI tools also offer the unique advantage of aligning with the curriculum. They can 
be customized to the course, the professor, or the university that designs them.39 By 
reflecting the professor’s instruction and incorporating the same standards used in class, 
AI ensures students are practicing the right skills correctly. For Sarah, this means every 
session with AI reinforces what she has already learned, helping her stay on track. 

48. Like other intelligent technologies, AI tutors can significantly improve learning out-
comes like student engagement, knowledge retention, and academic performance, thus 
providing the scaffolding for effective learning.40 The adaptive nature of the AI tool 
presents an opportunity for significant growth outside the classroom, regardless of skill 
level. Studies support a 15-20% performance improvement over in-class instruction 
alone when students use an AI-based supplement. Although empirical studies in trial 
advocacy have not been conducted at the time of this writing, existing research shows 
promising potential.41 

B. Privacy and Safe Experimentation 

49. Antonio is a law student working hard to improve his advocacy skills. Despite his 
dedication, he hesitates to experiment with his peers. The pressure of performing in 
class makes him self-conscious, mainly when delivering his opening statement. He strug-
gles to maintain eye contact with his classmates for extended periods, and this fear of 

38 Olateju Temitope Akintayo et al., Evaluating the Impact of Educational Technology on Learning Out-
comes in the Higher Education Sector: A Systematic Review, 7 OPEN ACCESS RSCH. J. MULTIDISCIPLINARY 

STUD. 52, 68 (2024). 

39 Lianyu Cai et al., Exploring the Impact of Integrating AI Tools in Higher Education Using the Zone of 
Proximal Development, 30 EDUC. & INFO. TECHS. (2024); see also Kostas Karpouzis et al., Tailoring 
Education with GenAI: A New Horizon in Lesson Planning, ARXIV (2024). 

40 Olateju Temitope Akintayo et al., Evaluating the Impact of Educational Technology on Learning Out-
comes in the Higher Education Sector: A Systematic Review, 7 OPEN ACCESS RSCH. J. MULTIDISCIPLINARY 

STUD. 52, 60, 68 (2024); see also Haili Lu and Lin He, Can Empowering Intelligent Technology Improve 
Learning Outcomes, 2023 5TH INTERNATIONAL CONFERENCE ON COMPUTER SCIENCE AND TECHNOLO-
GIES IN EDUCATION (CSTE) 141–45 (2023). 

41 Ambriose Baillifard et al., Effective Learning with a Personal AI Tutor: A Case Study, 30 EDUC. & 
INFO TECHS. 297 (2024); see also Danielle R. Thomas et al., Improving Student Learning with Hy-
brid Human-AI Tutoring: A Three-Study Quasi-Experimental Investigation, ARXIV (2024). 

https://oarjpublication.com/journals/oarjms/sites/default/files/OARJMS-2024-0026.pdf
https://oarjpublication.com/journals/oarjms/sites/default/files/OARJMS-2024-0026.pdf
https://link.springer.com/article/10.1007/s10639-024-13112-0
https://arxiv.org/pdf/2403.12071
https://oarjpublication.com/journals/oarjms/sites/default/files/OARJMS-2024-0026.pdf
https://oarjpublication.com/journals/oarjms/sites/default/files/OARJMS-2024-0026.pdf
https://www.researchgate.net/publication/374312161_Can_Empowering_Intelligent_Technology_Improve_Learning_Outcomes
https://www.researchgate.net/publication/374312161_Can_Empowering_Intelligent_Technology_Improve_Learning_Outcomes
https://www.researchgate.net/publication/382240467_Effective_learning_with_a_personal_AI_tutor_A_case_study
https://www.researchgate.net/publication/382240467_Effective_learning_with_a_personal_AI_tutor_A_case_study
https://arxiv.org/pdf/2312.11274
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judgment holds him back from trying new approaches and fully immersing himself in 
the storytelling. 

50. A reluctance to experiment is a common challenge for many law students. The anx-
iety often stems not from professors’ feedback but from the psychological pressure of 
performing publicly. The Socratic method, a hallmark of doctrinal classes, can instill a 
fear of appearing unprepared or unintelligent in front of peers.42 While most trial ad-
vocacy classrooms are not Socratic, they require performance evaluations, which are 
essential for training future advocates and helping students grow comfortable present-
ing to others. Even so, the fear of making mistakes in front of classmates, coupled with 
peer pressure and the high expectations of law school, can stifle meaningful engage-
ment, especially early on in the process.43 

51. AI tools provide a safe, private space for students to practice without the fear of 
judgment. For Antonio, this means rehearsing his opening statement out loud in front 
of a screen, where he can receive detailed feedback on his tone, cadence, pacing, and 
overall delivery. This private environment encourages experimentation, enabling him to 
test new strategies and refine his technique without the pressure of an audience. With 
the ability to work at his own pace, Antonio gains the confidence to push beyond his 
comfort zone and fully engage in his advocacy training. 

52. These AI tools offer students the flexibility to revisit material as needed, allow-
ing students to address weaknesses and refine their skills. Users’ prompts and data are 
stored exclusively on that user’s account and inaccessible on external servers. Depend-
ing on the institution’s configurations, professors can only view a student’s transcript 
if the student chooses to share it. This private design alleviates a common challenge 
in law school, the anxiety of exposing one’s learning process to peers. By minimizing 
public scrutiny, students can engage deeply with complex material and experiment with 
different techniques in ways traditional classrooms may not fully support.44 

53. Some educators argue that the best way to develop trial advocacy skills is to con-
front the challenge of public performance head-on. Exposure to public performance is, 
without question, essential for developing the resilience, adaptability, and confidence 
every trial lawyer needs. However, students enter the classroom with varying comfort 

42 Doretta McGinnis, Ahead of the Curve: What is the Socratic Method? L. SCH. TOOLBOX (Apr. 20, 2017); 
see also Molly Bishop Shadel et al., Gender Differences in Law School Classroom Participation: The Key 
Role of Social Context 108 VA. L. REV. 30, 47 (2022). 

43 Todd Zakrajsek, Students Who Don’t Participate in Class Discussions: They are Not All Introverts, THE 

SCHOLARLY TEACHER (Apr. 13, 2017). 

44 See Haozhuo Lin & Qiu Chen, Artificial Intelligence (AI)-Integrated Educational Applications and College 
Students on Creativity and Academic Emotions: Students and Teachers’ Perceptions and Attitudes, 12 BMC 
Psych. 487, 491 (2024). 

https://lawschooltoolbox.com/ahead-of-the-curve-what-is-the-socratic-method/
https://virginialawreview.org/articles/gender-differences-in-law-school-classroom-participation-the-key-role-of-social-context/
https://www.scholarlyteacher.com/post/students-who-dont-participate-in-class-discussions
https://www.scholarlyteacher.com/post/students-who-dont-participate-in-class-discussions
https://link.springer.com/article/10.1186/s40359-024-01979-0
https://link.springer.com/article/10.1186/s40359-024-01979-0
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levels in this area. AI tools complement rather than replace live practice by creating a 
space for students to build foundational skills and confidence in private. 

54. The private environment supported by AI tools encourages exploratory learning, 
empowering students like Antonio to build confidence and achieve intellectual growth. 
These tools allow students to experiment, make mistakes, revise, and refine their skills at 
their own pace, fostering greater engagement and self-assurance. For those who struggle 
with performance anxiety, AI tools act as a stepping stone, helping them prepare to 
fully participate in live, high-pressure settings and succeed in both the classroom and 
courtroom. 

C. Enhancing Trial Strategy with Simulated Feedback 

55. Imani is preparing a direct examination but struggles to anticipate the challenges 
she might face during the trial. As she practices questioning her witness, she often 
finds herself stuck when the witness’s answers substantially deviate from what she had 
planned. What if the judge interrupts her? What if opposing counsel objects? Will she 
respond effectively, or will she freeze? Imani knows these moments are inevitable, and 
the uncertainty leaves her feeling underprepared. 

56. AI tools help Imani experience the dynamic and unpredictable nature of a court-
room by simulating key roles and scenarios she might encounter. Instead of rehearsing 
her direct examination in isolation, the AI generates a realistic trial environment where 
she must navigate multiple challenges simultaneously, responding to objections from 
opposing counsel, adjusting to judicial interruptions, and reacting to unexpected wit-
ness answers. These immersive practice tests focus on her questioning skills and her 
ability to adapt to the unpredictability of actual trials. 

57. For example, as Imani questions her witness, AI might simulate an objection from 
opposing counsel, requiring her to respond immediately. If the judge interrupts to seek 
clarification, Imani must address the judge’s concerns without losing focus on the wit-
ness or her overarching strategy. AI provides targeted feedback on how she handles 
these challenges, helping her remain composed, pivot quickly, and manage the trial’s 
fast-paced dynamics. 

58. AI also allows Imani to rehearse responses to specific objections under the rules of 
evidence, federal or state rules. These scenarios strengthen her ability to anticipate and 
overcome objections, effectively “objection-proofing” her examination while building 
confidence. 

59. Comprehensive practice strengthens Imani’s broader trial strategy. By practicing 
tactics for recovering from setbacks or knowing when to move on from a line of ques-
tioning, Imani develops the adaptability and strategic thinking essential for trial success. 
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D. Increased Engagement and Active Learning Through 
Gamification 

60. Kian is practicing his cross-examination skills but finds the process monotonous 
and unmotivating. He understands the importance of consistent practice, but repetition 
makes it harder to stay focused and invested in improving. AI tools address this chal-
lenge by incorporating gamification, which makes skill development more interactive 
and enjoyable. Research on gamification highlights the value of rewards and measur-
able progress in keeping learners motivated while mitigating disengagement in digital 
learning environments.45 Michael Easter’s work in Scarcity Brain explains that humans 
are driven by the satisfaction of incremental accomplishments, particularly when tasks 
are framed as urgent or challenging.46 For students like Kian, gamification provides 
these moments of achievement, turning practice into a dynamic learning experience. 

61. Gamification taps into the brain’s reward system by offering real-time feedback on 
progress.47 As Kian practices, AI tracks several performance metrics, such as his ability 
to control the witness and the clarity and focus of his questioning. Through points, 
badges, and levels, AI provides immediate recognition for improvement, reinforcing 
positive behaviors and encouraging sustained effort. When Kian masters an exercise, 
he receives feedback on what he did well, fostering a cycle of positive reinforcement 
that motivates continued practice. 

62. Behavioral research supports that the sense of accomplishment from seeing mea-
surable progress helps maintain long-term engagement and task attractiveness.48 As 
Kian works through more complex cross-examination exercises, AI gradually introduces 
more difficult tasks that stretch his abilities, creating a sense of scarcity where success 
feels more rewarding. This approach combines achievable goals with escalating diffi-
culty, a recipe for maintaining student interest. 

63. By integrating elements of play and competition, gamification elevates routine prac-
tice into a stimulating and rewarding endeavor. Students like Kian remain engaged as 
they tackle progressively more complex challenges, observing measurable growth in 

45 Celia Redonodo-Rodriguez et al., Influence of Gamification and Cooperative Work in Peer, Mixed and 
Interdisciplinary Teams on Emotional Intelligence, Learning Strategies and Life Goals That Motivate Uni-
versity Students to Study, 20 INT’L J. ENVIRON. RES. PUB. HEALTH 547 (2023); see also Christo Dichev & 
Darina Dicheva, Gamifying Education: What Is Known, What Is Believed, and What Remains Uncertain: 
A Critical Review, 14 INT J. EDUC. TECH. HIGHER EDUC. 9 (2017). 

46 See generally MICHAEL EASTER, SCARCITY BRAIN: FIX YOUR CRAVING MINDSET AND REWIRE YOUR 

HABITS TO THRIVE WITH ENOUGH (2023). 

47 Sujit Subhash & Elizabeth A. Cudney, Gamified Learning in Higher Education: A Systematic Review of 
the Literature, 87 COMPUTS. HUM. BEHAV. 192 (2018). 

48 Stefan E. Huber et al., Game Elements Enhance Engagement and Mitigate Attrition in Online Learning 
Tasks, 149 COMP. IN HUMAN BEHAV. (2023). 

https://www.mdpi.com/1660-4601/20/1/547
https://link.springer.com/article/10.1186/s41239-017-0042-5
https://go.gale.com/ps/i.do?id=GALE%7CA768702906&sid=googleScholar&v=2.1&it=r&linkaccess=abs&issn=10544836&sw=w&p=HRCA&userGroupName=anon%7E831ba287&aty=open-web-entry
https://go.gale.com/ps/i.do?id=GALE%7CA768702906&sid=googleScholar&v=2.1&it=r&linkaccess=abs&issn=10544836&sw=w&p=HRCA&userGroupName=anon%7E831ba287&aty=open-web-entry
https://www.sciencedirect.com/science/article/abs/pii/S0747563218302541
https://www.sciencedirect.com/science/article/pii/S0747563223002996
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their skills. This methodology balances structure and innovation while promoting sus-
tained intellectual development. 

E. Preparing for Practice 

64. Taegan is about to graduate and begin her career at a respected litigation firm. 
Although she excelled in trial advocacy classes and mock trial, stepping into an actual 
courtroom feels daunting. The stakes are higher, demanding mastery of trial skills and 
an ability to navigate emerging legal technologies. 

65. The legal profession’s increasing reliance on AI underscores its importance in prepar-
ing students for practice. Nearly 70% of law firms report operational improvements 
from AI, with 90% planning further investment.49 Engaging with AI during law school 
equips students like Taegan with the technical and critical skills necessary to meet these 
evolving demands. 

66. Experience with AI sharpens the ability to craft precise prompts, a skill directly 
applicable to legal research, drafting, and case analysis. It also builds critical awareness 
of AI’s limitations, such as errors, unsupported claims, sycophancy and hallucinations, 
reinforcing the need for rigorous verification and cite-checking. 

67. Besides improving efficiency, familiarity with AI enables students to address com-
plex issues in litigation, including analyzing digital evidence, navigating novel eviden-
tiary challenges, and assessing the authenticity of AI-generated content like deepfakes. 
As these issues become more prevalent, students with hands-on experience gain a dis-
tinct advantage in practice. 

68. By incorporating AI tools into her training, Taegan begins her career equipped to 
adapt to technological advancements. Her ability to critically evaluate and strategically 
apply AI enhances her readiness so she can excel in a profession increasingly shaped by 
technology. 

49 Geoffery D. Ivnik, Biggest Law Firms Making Major Investments in Generative AI LEXISNEXIS (Feb. 9, 
2024); see also New Survey Data from LexisNexis Points to Seismic Shifts in Law Firm Business Models 
and Corporate Legal Expectations Due to Generative AI, LEXISNEXIS (Jan. 31, 2024). 

https://www.lexisnexis.com/community/insights/legal/b/thought-leadership/posts/biggest-law-firms-making-major-investments-in-generative-ai
https://www.lexisnexis.com/community/pressroom/b/news/posts/new-survey-data-from-lexisnexis-points-to-seismic-shifts-in-law-firm-business-models-and-corporate-legal-expectations-due-to-generative-ai
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IV. Trial Advocacy Use Cases: What We’ve Done So 
Far50 

69. AI in advocacy training is moving from concept to classroom. Educators have cre-
ated tools that replicate trial roles and generate feedback tailored to student perfor-
mance. This section surveys those applications and the insights drawn from initial rounds 
of experimentation, paving the way for the building process outlined in Section V. 

A. Current Custom GPT Prototypes & Applications 

70. Faculty at the University of Missouri Kansas City School of Law (“UMKC Law”) have 
taken a hands-on approach to integrating AI into clinical training by building custom 
litigation tools designed to supplement class instruction. The most advanced of these 
prototypes, MootMentorAI, was designed around the first-year moot court problem.51 

Lessons learned from its development led to additional AI-driven trainers for (1) mock 
trial practice, (2) evidence, (3) the family law clinic, (4) negotiation and dispute reso-
lution, and (5) direct and cross-examination exercises. The purpose of these tools was 
not commercial gain but accessibility. UMKC Law set out to prove that lawyers without 
coding backgrounds can build effective AI resources for legal education. MootMentorAI 
originated as a conceptual exercise in June 2024, and UMKC faculty developed it with-
out coding experience and only a basic understanding of AI’s capabilities.52 The follow-
ing screenshots include examples of some of the tools UMKC professors developed.53 

50 Portions of this section contain material that appears in a concurrently published article by the Author. 
See Alexandria Serra, AI as Your Co-Counsel: The Next Evolution in Trial Training 22 OHIO ST. TECH. 
L. J. 121 (2026). 

51 See Alexandria Serra, AI Lawyering Skills Trainers: Transforming Legal Education with Generative AI, 
16 CASE W. RSRV. J. L. TECH. & INTERNET 74 (2025). 

52 See Alexandria Serra, AI Lawyering Skills Trainers: Transforming Legal Education with Generative AI, 
16 CASE W. RSRV. J. L. TECH. & INTERNET 74 (2025). 

53 Alexandria Serra, Screenshots of ChatGPT-4 Plus interface, OPENAI (Jan. 11, 2025) (on file with 
author). 

https://scholarlycommons.law.case.edu/jolti/vol16/iss1/4/
https://scholarlycommons.law.case.edu/jolti/vol16/iss1/4/
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71. Through internal lunch-and-learn presentations, collaboration with research as-
sistants, and rounds of iterative refinement, UMKC Law piloted Family Law Court-
room Coach and MootMentorAI with small groups of litigators. These early trials tested 
whether simple, custom-built tools could hold up in advocacy practice. 

72. Both students and faculty shared extensive feedback. While primarily quantitative, 
requiring further empirical study, the feedback generated renewed enthusiasm for the 
potential of this technology. Notable comments include: 

73. “We love it.” – Clinical Professor 

74. “I had no idea this was even possible.” – Professor 

75. “AI is making complex legal ideas more tangible and easier to retain.” – Student 

76. “This is a great way to supplement the teaching on oral argument because it gives 
the students a chance to do something they can’t do in class.” – Student 

77. “This [tool] is a way for students to lessen their anxiety around their argument. . . 
and give the students better insight into what a judge or witness might prompt you with 
in real time.” – Student 
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78. “Overall, I felt that my arguments became clearer and stronger the more that I 
argued . . . I think that a student could also get something out of working with it just 
once, but it would definitely not serve the student nearly as much as it would if the 
student engaged with it at least 5 times.” – Research Assistant / Teaching Assistant 

79. As enthusiasm grows, several professors at UMKC are harnessing AI to build their 
own classroom tools. Whether these tools are fully realized, used by students, or en-
hance instructors’ AI literacy, their development represents a win for the profession. 

B. Transcripts54 

80. Similar to the role of a court reporter in the trial, AI offers real-time transcriptions 
of the dialogue between the user and various AI personas. The user can share these 
transcripts with professors as homework or as a tool to assess student comprehension. 
Unlike static outlines, AI-generated transcripts introduce an element of dynamism. No 
two answers to a question are likely to be identical. Mimicking in-person scenarios, AI-
generated witness responses vary in length, include unexpected details, or be entirely 
unresponsive to a vague question. The unpredictability adds a layer of realism to the 
simulations. Reviewing transcripts allows both the instructor and the student to monitor 
progress and identify areas of improvement. 

81. Below is an excerpt of a transcript for the Family Law Courtroom Coach tool. After 
the user selects a feature, in this case, direct examination, the Coach presents a case 
scenario related to family law. Although this example was created by AI, professors can 
provide specific scenarios or topic area guidance. All Custom GPTs may be edited at any 
time to add, modify, or remove content. 

54 Alexandria Serra, Screenshots of ChatGPT-4 Plus interface, OPENAI (January 11, 2025) (on file with 
author). 
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82. The adaptive setting for this interaction is Beginner. The conversation continues 
until the user asks an improper question. Opposing counsel then objects, prompting the 
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user to respond. Based on the user’s response, the judge rules on the objection. In the 
Beginner phase, the tool is programmed to object on a single ground, even when the 
question may be objectionable on other grounds, such as leading. 

83. The student may proceed until the questioning is complete. After the session, the 
user has the option to receive feedback. An excerpt of this feedback appears in the 
example below. 
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84. The student can ask the AI Coach specific questions about the feedback, engag-
ing in a dialogue to clarify and deepen their understanding. Notably, while the tool 
did not object to the user’s leading question during the session, it identified the error 
in its feedback. Educators should remember that AI generates feedback based on the 
guidance provided during training, whether drawn from articles, outlines, course ma-
terials, instructor preferences, or similar sources. The feedback is not “random” unless 
the creator has given no specific guidance. 

85. The tool adapts accordingly as the user progresses in both content and skill. These 
adaptations may include more complex case scenarios, challenging witnesses, stricter 
judge personas, paired objections, or other advanced features to enhance the learning 
experience. 

V. Integrating AI Tools Into a Custom Curriculum 55 

86. The next step is implementation. This section outlines a step-by-step guide to de-
veloping a personalized tool using materials already prepared for the course. While 
free and paid solutions exist, they often lack the flexibility to align with individual pro-
fessors’ unique pedagogy, strategies, and feedback styles. Educational goals vary, and 
customization emerges as indispensable. 

87. Creating a custom AI tool may initially appear daunting, especially for those with-
out technical expertise. However, modern AI platforms have streamlined the process, 
making it accessible to a broader audience. Using platforms like OpenAI’s GPT Builder, 
educators will master uploading and integrating course-specific training data, refining 
the tool through interactive dialogues, and harnessing the features that enhance its ca-
pabilities.56 Upon completing this guide, educators will possess the foundational skills 
and knowledge to create and deploy an AI tool (chatbot) optimized for their courses. 

A. Initial Setup 

88. Educators begin by accessing an AI platform like ChatGPT-5. This platform features 
a user-friendly interface, enabling the design, modification, and deployment of custom 
tools from inception. With a ChatGPT Plus subscription, users can build their own GPTs 
with ease. Simply click “GPTs” on the lefthand menu, which will take you to the screen 

55 Portions of this section contain material that appears in a concurrently published article by the Author. 
See Alexandria Serra, AI as Your Co-Counsel: The Next Evolution in Trial Training 22 OHIO ST. TECH. 
L. J. 121 (2026). 

56 See GPT-4 is OpenAI’s Most Advanced System, Producing Safer and More Useful Responses, OPENAI (last 
visited Jan. 14, 2025); see also AutoML, GOOGLE (last visited Jan. 14, 2025); Azure Machine Learning, 
MICROSOFT (last visited Jan. 14, 2025); IBM Watson Studio, IBM (last visited Jan. 14, 2025). 

https://openai.com/product/gpt-4/
https://cloud.google.com/automl
https://azure.microsoft.com/en-us/services/machine-learning/
https://www.ibm.com/cloud/watson-studio


32 Trial by AI: Reinventing Advocacy Training for the Modern Lawyer 

displayed below. 57 From here, the designer can search for relevant GPTs, click “My GPTs” 
to edit their own, or +Create for a blank canvas. 

89. The following screenshot showcases the user’s custom tools, providing options to 
edit existing tools, retrain them for improved performance, or create new tools from 
scratch. 

57 Alexandria Serra, Screenshots of ChatGPT-5 Plus interface in this section, OPENAI (Aug. 21, 2025) 
(on file with author). 
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90. The initial interface for tool creation appears below. When armed with pre-written 
training data in document form, creators can integrate these materials directly into 
the editor. Alternatively, they can engage the GPT in iterative dialogue to develop and 
refine the tool. Training Data encompasses the documents, instructions, and scenarios 
professors incorporate to shape their custom tools. 

91. Builders shape their tools through two pathways: direct dialogue or the integration 
of prepared training materials. The screenshots below exemplify these developmental 
approaches. 
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92. The process begins by typing a natural language prompt. The builder’s initial re-
sponse yielded a preliminary name and photo for the GPT. After evaluating multiple 
options, “Trial Practice Simulator” emerged as the definitive title. The builder’s image 
generation capabilities allow for direct modifications or substitution with user-selected 
imagery. 

93. Following the establishment of the visual identity, the builder initiates a systematic 
dialogue to crystallize the project’s goals. This interactive process enables precise refine-
ment, ensuring synchronization with pedagogical objectives. Users maintain flexibility 
in incorporating training data throughout development. For technical contingencies, 
OpenAI’s comprehensive support resources are available. 
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94. As development progresses, the builder synthesizes the user’s responses and prompts 
to configure the GPT’s operational framework. Creators can make text adjustments at 
any time. 

95. The platform accommodates document integration at any stage. After uploading 
materials in the Configure or Create pane, creators must establish parameters for AI’s 
utilization of these documents during simulations. That process is detailed in the next 
section. 
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B. Utilizing Training Data for a Controlled Environment 

96. The GPT builder allows developers to maintain precise control over the AI’s behav-
ior, addressing concerns about unpredictability. Users set clear instructions, define roles, 
and establish boundaries to ensure the AI stays focused within an educational frame-
work. This setup is advantageous in legal simulations, where specificity is imperative. 

97. For example, in a robbery case simulation, the creator might instruct the GPT: 

Use the uploaded training data to simulate a witness, specifically the victim 
in this case. If the student plays the role of a prosecutor, they will exam-
ine the witness using direct examination techniques (refer to Master Slides 
56-72). If the student plays defense counsel, they will cross-examine this 
witness (Master Slides 109-133). Respond to questions by referencing de-
tails from the provided case documents. Maintain consistency with the facts. 
Should the user ask an objectionable question or object, state the grounds. 
Allow the user to respond. The user will say something to conclude the 
examination. Once that occurs, ask if they want feedback. Challenge the 
user’s questioning techniques, offer feedback per the course teachings, and 
encourage critical thinking and strategic adjustments without providing di-
rect legal advice. 

98. Detailed pedagogical directives shape the AI’s alignment with educational objec-
tives. Developers can embed response protocols to maintain professional standards, 
from redirecting student misconduct to implementing complete disengagement when 
necessary. 
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C. Testing 

99. The next step is testing the tool. Use the “Preview” section on the right side of the 
interface to interact with the tool as a student or user would. Adjust and refine the tool’s 
responses in real-time by utilizing the “Create/Configure” section in the left pane. 

100. To optimize a custom GPT’s performance, designers input corrective feedback 
directly into the “Create” pane. The refinement process mirrors the development of 
teaching assistants or junior associates, demanding methodical guidance and iterative 
enhancement. Rigorous cycles of testing, training, and assessment prove indispensable. 
This oversight parallels attorneys’ ethical obligations to supervise support staff, estab-
lishing a comparable duty for designers to scrutinize educational tools. 

101. That said, rigorous testing does not require perfection. Striving for perfection often 
stifles innovation and leads to over-analysis, delaying progress. In education, waiting 
for a flawless tool can prevent students from benefiting from a functional prototype. A 
“good” tool that evolves is better than a “great” tool introduced too late. 

D. Feedback Process for a Custom GPT in a Robbery Case 

102. Improving a custom GPT’s performance demands a systematic feedback process. A 
professor can type specific directives into the GPT builder’s “Create” pane. The following 
example illustrates this approach in the context of a robbery case: 
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1. Identify the Issue 

103. Pinpoint the problem with the response, such as inaccuracies, tone, or irrelevance. 

104. Example: “The GPT response failed to properly address the difference in the ele-
ments of robbery in the first degree versus robbery in the second degree, particularly 
whether the defendant seriously injured the alleged victim during the theft.”58 

2. Provide Correct Information 

105. Supply accurate content or suggest a revised framing. 

106. Example: “The response should define robbery and differentiate between robbery 
causing serious physical injury or armed with a deadly weapon from robbery wherein 
the alleged victim is injured but not seriously and no deadly weapon is present (i.e., the 
difference between a 1st degree robbery and a 2nd degree robbery).”59 

3. Contextualize the Feedback 

107. Clarify the specific context or scenario for the response. 

108. Example: “In a simulated cross-examination of the alleged robbery victim, the 
user should focus on eliciting details about the defendant’s use of a deadly weapon (if 
applicable), threats with such weapon (if any), and the extent of the alleged victim’s 
injuries during the alleged incident.” 

4. Iterative Refinement 

109. Use the GPT builder’s “Create” and “Preview” features to test and refine responses. 
In the “Create” pane, provide direct feedback, making adjustments based on testing 
outcomes. Repeat this process until responses meet expectations. 

5. Use Examples 

110. Articulate feedback with corrections to clarify expectations. Example: 

111. Incorrect: “Robbery is stealing something from someone. It is a felony offense.” 

58 Mo. Rev. Stat. §§ 570.023, 570.025 (2023). 

59 Mo. Rev. Stat. §§ 570.023, 570.025 (2023). 

https://revisor.mo.gov/main/OneChapter.aspx?chapter=570
https://revisor.mo.gov/main/OneChapter.aspx?chapter=570
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112. Correct: “Robbery involves taking property directly from another person, using 
force or threats. Key elements include [insert elements]. Missouri law recognizes two 
levels of Robbery. One is a felony, and one is a misdemeanor. The difference between a 
robbery felony and a misdemeanor is [insert elements].” 

113. Presumably, to aid in training, the creator will upload the statute and any clarifying 
case notes to the documents on the “Configure” pane. 

114. Any tool’s evolution requires iterative testing, which can be occasionally frustrat-
ing. Sustained focus and patience remain necessary. Strategic dialogue with the GPT 
sharpens its responses. Probing questions like “What additional details are needed to 
improve your understanding of robbery cases?” catalyze enhancement. 

6. Deployment and Use 

115. To launch the tool, navigate to the “Create” button in the top-left corner and select 
your preferred distribution method. The screenshot below demonstrates the deploy-
ment interface. 

116. GPTs may be shared with students via unique links (“Anyone with Link”), per-
mitting the creator restrict access to selected users. Publishing to the GPT Store, by 
contrast, makes the GPT accessible to all ChatGPT users. Regardless of the method of 
deployment, the builder retains the ability to edit the GPT at any time. When OpenAI 
updates its underlying models, those improvements automatically extend to existing 
custom GPTs, while the creator’s instructions and uploaded materials remain intact. 
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117. GPT user sessions are shared via unique links as well. Once the user or student is 
done using the tool, they can click the icon at the top right, create a link, and share it via 
any medium (e.g., email, Canvas assignment submission, GoogleDoc). The screenshot 
below shows an example of a sharing screen. 

118. Transcript review is necessarily asynchronous, as OpenAI does not permit real-
time observation of user sessions. Creators rely on the shared transcripts to study user 
interactions and refine their tools. Direct monitoring, when desired, must be conducted 
through external screen-sharing platforms such as Zoom or Microsoft Teams. 
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7. Differences Across Models 

119. GPT Builder now allows designers to preview their tools on multiple models by 
selecting each from a dropdown menu in the Preview pane, as shown in the following 
screenshot. 

120. The ability to select the model in the Preview pane is significant because the cho-
sen model directly shapes how a GPT performs for end users. A “model” refers to the 
variant of ChatGPT being used (e.g., ChatGPT-4.0, ChatGPT-5). Models differ in reason-
ing capacity, verbosity, response speed, and subtle interpretive tendencies, all of which 
influence the quality and character of interaction. For instance, Trial Practice Simulator 
may handle objections under Missouri law with greater fidelity on one model, while 
another might provide more concise explanations that are more accessible to students. 
Control over the preview model enables designers to test realism, optimize the user ex-
perience, balance performance with cost, and evaluate how different models approach 
the same scenario. 

121. Testing across models also addresses accessibility differences. Access to models 
is not uniform across users: subscription level determines which models are available, 
meaning free users may interact with a less dynamic reasoning model than those on 
paid plans. As a result, previewing across models allows designers to anticipate and 
account for these varied user experiences, ensuring that the GPT remains aligned with 
its intended goals across different access levels. 
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VI. Challenges and Considerations 

122. AI offers new possibilities for trial advocacy education, but educators must nav-
igate limitations when implementing these tools. This section examines four areas of 
critical consideration: ethical guardrails, faculty development, copyright concerns, and 
financial constraints. 

A. Guardrails 

123. As law schools embrace AI tools in advocacy training, establishing appropriate 
ethical boundaries becomes paramount. In addition to fundamental concerns about aca-
demic integrity, integrating AI into legal education requires a nuanced approach that 
balances innovation with professional responsibility. Professors must carefully construct 
guardrails that protect student privacy, maintain academic standards, and prepare stu-
dents for ethical technology use in practice. 

124. The first consideration is access control. While AI tools offer unprecedented op-
portunities for practice and feedback, universities must secure access within the edu-
cational environment. For example, law schools can use authentication protocols that 
limit access to enrolled students and maintain the confidentiality of educational con-
tent.60 Some schools have adopted ChatGPT Edu, a version of the platform built for 
higher education that includes enterprise-grade security, domain verification, and sin-
gle sign-on authentication.61 Because ChatGPT Edu is designed to meet institutional 
privacy standards, including FERPA compliance when deployed within university sys-
tems, it enables law schools to provide students access to ChatGPT while safeguarding 
academic records and instructional materials. 

125. In the custom GPT context, professors using personal ChatGPT subscriptions can 
control who initially receives the link to use the tool but cannot control whether a stu-
dent disseminates that link elsewhere. Within institutional deployments such as Chat-
GPT Edu, however, authentication protocols and class-restricted accounts can limit ac-
cess to enrolled students. 

126. The difference extends to creation as well. Personal Plus accounts let any indi-
vidual professor build and share a GPT. Institutional deployments, by contrast, place 
building authority under university control, with the administration determining which 
faculty or students can build and deploy custom tools. The advantages of ChatGPT Edu 
come at a cost, and many universities are not willing to foot the bill. 

60 Tetiana Kronivets et al., Legal and Ethical Dimensions of AI in Education: Navigating New Frontiers, 4 
REV. ARTIFICIAL INTEL. EDUC.1 (2023). 

61 Introducing ChatGPT Edu OPENAI (May 30, 2024). 

https://educationai-review.org/revista/article/view/21
https://educationai-review.org/revista/article/view/21
https://openai.com/index/introducing-chatgpt-edu/
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127. Beyond access control, AI tools must protect student privacy and data security. 
Professors must caution students against sharing sensitive or identifiable information in 
their prompts. Identifiable client information and documents, which may be accessible 
to students handling cases in a clinic, must not be uploaded into the GPT. Schools should 
educate students about reviewing AI applications’ terms of use and privacy policies to 
prevent unintended data storage or misuse.62 

128. Content moderation presents another crucial challenge. Instructors can address 
this by carefully designing initial prompts that direct AI systems to maintain focus on 
learning objectives while avoiding inappropriate content.63 This task requires ongoing 
monitoring and refinement of the tools’ parameters to ensure they align with educa-
tional objectives and professional standards. 

129. Importantly, schools must establish clear policies regarding AI tool usage from 
the outset of each course. These policies should be detailed in course syllabi, explicitly 
outlining the conditions under which AI use is permitted, how it will be assessed, and 
requirements for citing or attributing AI-generated content. Students must understand 
that they bear responsibility for the accuracy of their work. This requirement mirrors 
those in legal practice, where courts and clients increasingly expect transparency about 
AI use.64 

B. Professor Training to Promote Iterative Refinement 

130. Faculty expertise and systematic development shape the educational value of AI 
tools in trial advocacy instruction. Effective implementation requires instructors to mas-
ter prompt engineering and integration strategies. This mastery emerges through struc-
tured training programs, workshops, and collaborative learning opportunities. 

131. The dynamic nature of AI necessitates continuous quality assessment and refine-
ment. Systematic evaluation of AI responses, student interactions, and learning out-
comes guides iterative improvements to prompts and scenarios. While the initial in-
vestment in AI integration parallels course redesign in scope, the resulting frameworks 
serve as adaptable foundations that evolve through targeted updates rather than whole-
sale reconstruction. 

62 John Bliss, Teaching Law in the Age of Generative AI, 64 JURIMETRICS J. L. SCI. & TECH. 111, 158 
(2024). 

63 John Bliss, Teaching Law in the Age of Generative AI, 64 JURIMETRICS J. L. SCI. & TECH. 111, 154 
(2024). 

64 John Bliss, Teaching Law in the Age of Generative AI, 64 JURIMETRICS J. L. SCI. & TECH. 111, 138 
(2024). 

See%20John%20Bliss,%20Teaching%20Law%20in%20the%20Age%20of%20Generative%20AI%20[https://www.americanbar.org/content/dam/aba/publications/Jurimetrics/winter-2024/teaching-law-in-the-age-of-generative-ai.pdf%7C%7C64%20Jurimetrics%20J.%20L.%20Sci.%20&%20Tech.111,%20156]%20(2024).
See%20John%20Bliss,%20Teaching%20Law%20in%20the%20Age%20of%20Generative%20AI%20[https://www.americanbar.org/content/dam/aba/publications/Jurimetrics/winter-2024/teaching-law-in-the-age-of-generative-ai.pdf%7C%7C64%20Jurimetrics%20J.%20L.%20Sci.%20&%20Tech.111,%20156]%20(2024).
See%20John%20Bliss,%20Teaching%20Law%20in%20the%20Age%20of%20Generative%20AI%20[https://www.americanbar.org/content/dam/aba/publications/Jurimetrics/winter-2024/teaching-law-in-the-age-of-generative-ai.pdf%7C%7C64%20Jurimetrics%20J.%20L.%20Sci.%20&%20Tech.111,%20156]%20(2024).
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C. Copyright Considerations 

132. Integrating AI tools into advocacy courses raises issues that differ from ordinary 
classroom performance or display. Section 110(1) of the Copyright Act permits in-
person teaching uses, but uploading materials to an AI service involves reproduction, 
and often distribution to a vendor. Those acts need a fair-use analysis or a license; they 
are not automatically covered by classroom exceptions or by the TEACH Act’s limited 
online provisions.65 Embedding purchased materials in AI tools requires a fresh, factor-
by-factor analysis.66 

133. Recent district-court decisions address whether using books to train large lan-
guage models can be fair use. On specific records, two Northern District of California 
judges held that training with lawfully acquired books was fair use, while reserving dis-
putes tied to allegedly pirated copies for further proceedings. Those rulings do not cre-
ate a blanket rule for every educational deployment. Faculty who build course-specific 
GPTs usually are not “training” a foundation model; they are reproducing works inside 
a teaching tool, which still requires scrutiny under §107’s Fair Use doctrine.67 

134. Some scholarship suggests that using copyrighted materials to train AI tools for 
educational purposes likely constitutes fair use, especially within the confined context 
of course-specific tools. Scholars argue that using copyrighted content to train AI for 
transformative purposes, such as creating interactive educational experiences, differs 
fundamentally from mere reproduction.68 This analysis applies particularly well to ad-
vocacy training tools, where case materials are a foundation for dynamic, AI-enhanced 
learning experiences rather than simply reproduction. Although the creator uploads a 
copy of the work into the custom GPT builder, she does not share that document with 
other students beyond licensing of the manuscript. 

135. AI tools that transform existing materials into interactive experiences likely satisfy 
all four fair use factors: (1) the purpose is educational and transformative, not com-
mercial; (2) the nature of the copied work is primarily factual; (3) the amount used is 
necessary for the educational purpose; and (4) the market impact on the value of the 
copyrighted work is minimal.69 After all, the crux of copyright law is its protection of 

65 17 U.S.C. § 110(1)(2005); see also 17 U.S.C. § 110(2) (2005); see also TEACH ACT OF 2002, 17 
U.S.C. § 110(2) (2002). 

66 Matthew Sag, Copyright Safety for Generative AI, 61 HOUS. L. REV. 295 (2023). 

67 When a user uploads a work to an AI service, at least one new server-side copy is fixed for more than 
a transitory duration. In ChatGPT, uploaded files are used for retrieval augmented generation (RAG); 
OpenAI states that this content is not used to train models by default. Training the underlying model 
means updating the model’s parameters through fine tuning; it alters the underlying LLM. In this way, 
training a custom GPT is not like training the underlying LLM. 

68 Matthew Sag, Copyright Safety for Generative AI, 61 HOUS. L. REV. 295, 340 (2023). 

69 17 U.S.C. § 107 (1976). 

https://www.law.cornell.edu/uscode/text/17/110
https://www.law.cornell.edu/uscode/text/17/110
https://libguides.library.umkc.edu/c.php?g=470745&p=3220125
https://libguides.library.umkc.edu/c.php?g=470745&p=3220125
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4438593
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4438593
https://www.law.cornell.edu/uscode/text/17/107
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original expression, not the prohibition of any act of copying.70 Since copyright does 
not forbid the reader from extracting and reproducing the facts, ideas, or artistic, non-
expressive use of copyrighted work should be treated as fair use. 71 Creating custom AI 
falls within this category. 

136. Tighter output and access controls reduce risk. Best practices for advocacy profes-
sors implementing AI tools include limiting access to enrolled students, using licensed 
or open source materials when possible, preserving attribution and copyright notices, 
documenting the fair use rationale, securing institutional support for fair use analysis, 
and asking permission where the factor balance is weak.72 

137. This framework aligns with traditional educational fair use doctrine and emerging 
guidance on AI implementation in legal education. The transformative nature of AI-
enhanced advocacy training strengthens the fair use argument. 

D. Financial Constraints 

138. The cost of implementing AI tools presents a pain point for law schools and stu-
dents alike. With commercial AI platforms charging personal subscription fees of about 
$20 per month per account, schools must carefully consider how to provide access with-
out creating undue financial burden.73 Only 33% of legal education institutions are 
regularly using AI tools, suggesting, among other things, that cost could be a barrier to 
broader adoption.74 

139. Several approaches have emerged to address these constraints. Institutions could 
rely on open-source (free) versions of tools like ChatGPT, Copilot, or Claude. However, 
this approach has significant drawbacks, as students would be restricted in the number 
of prompts they can use. 

140. Another potential approach is integrating AI costs into existing technology fees, 
spreading the expense across the student body. Institutions can negotiate bulk licens-
ing agreements with AI providers (e.g., ChatGPT Edu), achieving cost savings through 
volume pricing. Finally, institutions might explore partnerships with legal technology 
providers or seek grant funding for AI initiatives. 

70 Matthew Sag, Copyright and Copy-Reliant Technology, 103 NW. UNIV. L. REV. 1607 (2009). 

71 Matthew Sag, Fairness and Fair Use in Generative AI 92 Fordham L. Rev. 1887, 1900–02 (2024). See 
also Mark Lemley and Brian Casey, Fair Learning 99 Tex. L. Rev. 101, 114, 136 (2020). 

72 Matthew Sag, Copyright Safety for Generative AI, 61 HOUS. L. REV. 295, 338 (2023). 

73 Pricing, OPENAI (last visited Jan. 14, 2025); see also Pricing, ANTHROPIC (last visited Jan. 14, 2025). 

74 Anil Balan, Examining the Ethical and Sustainability Challenges of Legal Education’s AI Revolution, 31 
INT’L J. LEGAL PRO. 323, 329–32 (2024); see also Laura Halls, Exploring the Growing Appetite for Legal 
AI, LEXISNEXIS (Mar. 27, 2024). 

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=1257086
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4654875
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3528447
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4438593
https://openai.com/chatgpt/pricing/
https://www.anthropic.com/pricing
https://www.tandfonline.com/doi/full/10.1080/09695958.2024.2421179
https://www.tandfonline.com/doi/full/10.1080/09695958.2024.2421179
https://www.lexisnexis.co.uk/blog/future-of-law/explore-the-growing-appetite-for-legal-ai
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141. The sustainability of these approaches requires careful consideration of long-term 
funding models. Schools must balance the educational benefits against ongoing costs 
while ensuring equitable access for all students. Schools may offset costs by incorpo-
rating AI school-wide. AI tools can perform basic administrative tasks and save human 
capital, thus offsetting the financial burden of providing subscriptions to its students.75 

VII. Conclusion 

142. The addition of AI into trial advocacy education represents more than just techno-
logical advancement; it marks a fundamental shift in how we prepare next generation’s 
advocates. This article demonstrated that AI tools offer opportunities to enhance tra-
ditional advocacy training through personalized feedback, safe experimentation, and 
dynamic simulation. These tools do not replace experienced professors’ invaluable guid-
ance, but amplify their reach and impact. 

143. The success of early implementations, including the custom GPTs developed at 
UMKC Law, suggests that we stand at the threshold of a new era in advocacy education. 
Creating effective AI coaching systems does not require extensive technical expertise or 
massive resources, it requires the willingness to experiment and evolve, guided by clear 
goals and commitment to students. 

144. The challenges we face in implementing these tools, from establishing appropriate 
guardrails to addressing financial constraints, are significant but not insurmountable. 
Indeed, they mirror the skills we seek to develop in our students: the ability to analyze 
complex problems, develop creative solutions, and adapt to changing circumstances. As 
the legal profession increasingly embraces AI technology, our responsibility to prepare 
students for this reality becomes more pressing. 

145. Looking ahead, AI applications in advocacy education extend beyond the scope of 
this analysis. Advances in simulation technology and legal research integration suggest 
promising directions for development. Yet, the most important next step is for advo-
cacy professors to begin experimenting with these tools, sharing their experiences, and 
building a community of practice around AI-enhanced advocacy education. Our success 
will be measured not by the sophistication of our technology, but by how effectively we 
prepare our students for the evolving practice of law. The time to begin is now. 

75 The Future of Jobs Report 2025, WORLD ECONOMIC FORUM 1, 47 (2025). 

https://www.weforum.org/reports/the-future-of-jobs-report-2025
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